Background {#Sec1}
==========

Metabolic syndrome (MS) is a cluster of metabolic abnormalities, including obesity, hypertension, dyslipidemia and hyperglycemia \[[@CR1]\]. MS has become a global public health issue, and many scholars have devoted attention to it \[[@CR2]--[@CR7]\]. Previous studies focused on searching for risk factors and early biomarkers of MS \[[@CR8]--[@CR13]\]. However, as a dynamic developing process, the natural history of MS has not yet been determined. Although some researchers have explored the occurrence and longitudinal changes of MS over time, controversy still exists regarding this question \[[@CR14]--[@CR16]\].

In 2004, the Chinese Diabetes Society (CDS) proposed diagnostic criteria for MS for Chinese adults \[[@CR17]\]. According to the CDS criteria, MS included four components: overweight or obesity, hypertension, dyslipidemia, and hyperglycemia; patients who had at least three simultaneous components were diagnosed as having MS. Depending on how many components the individual has, subjects can be divided into twelve different states. That is, one state without components, four states of isolated components, six states of a 2-component combination, and one state of MS. The development of MS is very complex. Each individual over a certain period can transfer to other states or maintain their original state; moreover, there are a total of 144 types of transition. It remains unclear which component triggers the cascade of metabolic disorders, which components will appear next, whether each component occurs simultaneously or successively and to what extent each component plays a role in the development of MS. Therefore, it is necessary to explore the natural history of MS and identify the components that initiate and promote the development of MS. For healthy people, the initiation of MS should be prevented, while for patients with metabolic disorders, prevention and control of the component that accelerates the development of MS could potentially arrest the continuing development of MS.

As a well-recognized method of simulating the natural history of chronic diseases, Markov models have been used in previous studies to explore the development of MS. Hwang et al. applied a Markov model to describe and predict the development of MS that focused on young people aged 18--45 years in Taiwan. Their findings confirmed that the development of MS was different in men and women \[[@CR18]\]. In 2014, our research group included a total of 7510 subjects and constructed a 7-state Markov model to investigate the natural development of MS in different gender and age groups, with the results indicating that there were gender and age differences in the progression of MS \[[@CR19]\]. However, the limitation of this study was that the six states were composed of a 2-component condition were not completely separated. The states composed of 2-component conditions are an important part of the natural history of MS. Without further study of the dynamic changes of the 2-component states, the entire pathogenic process of MS remains unknown. Accordingly, this study established a 12-state Markov model based on the CDS criteria in different gender and age groups, with 21,777 subjects selected from a 6-year history of health check-ups, to delineate the natural history and calculate a risk prediction of MS, which is of great significance for preventing and controlling MS.

Methods {#Sec2}
=======

Study participants {#Sec3}
------------------

Subjects who had undergone routine health check-ups at the Health Management Center of a general hospital in Dongying City were recruited from December 2010 to December 2015. Subjects who were aged 18--88 years, without restrictions on gender or occupation, and had at least 2 consecutive years of routine health check-ups were considered (n = 22,584). Those who had coronary heart diseases (CHD), type I diabetes, familial hyperlipidemia, or lacked the necessary information were excluded from this study (n = 807). Finally, a total of 21,777 subjects were included in our study. Because of the different cohort entrance timeframes, the first health check-up could occur in any year in the interval of 2010--2014; therefore, data from the first year for each subject was used as the baseline data. In the preliminary analysis, individuals were divided into four age groups, the 18--39, 40--49, 50--59 and ≥ 60 year group, and were further divided into two genders. We found that people under 50 years of age and people over 50 years of age had different processes of MS and that there was a significant difference in the prevalence of MS and its components between men and women. Finally, subjects were divided into the 18--49 years of age group and ≥ 50 years of age group for each gender.

Clinical and biochemical measurements {#Sec4}
-------------------------------------

Every participant underwent a doctor's interview, anthropometric measurements and blood biochemical analysis. The doctors' interview collected general information about the subjects, including age, medical history, and history of familial hyperlipidemia. The medication use was included in the medical history referred to whether the subjects were taking anti-hypertensive drugs, anti-hyperglycemic drugs, and so on. Weight, height, and blood pressure were measured using a certified measurement instrument. Subjects' height and weight were measured while wearing light clothing, without shoes, and with an empty bladder. BMI was calculated as weight (kg) divided by height (m) squared. Blood pressure was measured twice using a calibrated mercury sphygmomanometer on the right arm after subjects were seated comfortably in a chair for at least 5 min. After fasting for 12 h, blood samples were collected from the upper arm vein to test fasting plasma glucose (FPG), triglyceride (TG) and high-density lipoprotein cholesterol (HDL-C). FPG was measured by the glucose oxidase method, and TG and HDL-C were measured by an enzymatic chemical test.

Definition of metabolic syndrome {#Sec5}
--------------------------------

In this study, the CDS criteria was adopted to define MS according to the following categories: overweight or obesity (BMI ≥ 25.0 kg/m^2^); hypertension \[systolic blood pressure (SBP) ≥ 140 mmHg or diastolic blood pressure (DBP) ≥ 90 mmHg\] or the use of anti-hypertensive drugs for previously diagnosed hypertension; and dyslipidemia \[fasting TG ≥ 1.7 mmol/L (110 mg/dL) or fasting HDL-C (\< 0.9 mmol/L in men, \< 1.0 mmol/L in women)\]; hyperglycemia \[FPG ≥ 6.1 mmol/L (110 mg/dL) or 2 h post-meal glucose (PG) ≥ 7.8 mmol/L (140 mg/dL)\] or the use of anti-hyperglycemic drugs for previously diagnosed hyperglycemia. The diagnosis of each component was based on the above criteria in this study. Subjects with at least three of the four components were diagnosed with MS.

Statistical analysis {#Sec6}
--------------------

### Establishment of the Markov model {#Sec7}

In our study, a 12-state Markov model was established based on the developing process of MS. Each Markov chain included no component state, isolated overweight/obesity state, isolated hypertension state, isolated dyslipidemia state, isolated hyperglycemia state, overweight/obesity and hypertension state, overweight/obesity and dyslipidemia state, overweight/obesity and hyperglycemia state, hypertension and dyslipidemia state, hypertension and hyperglycemia state, dyslipidemia and hyperglycemia state, and MS state. The graphical presentation of the 12-state Markov model is shown in Fig. [1](#Fig1){ref-type="fig"}. In the cycle-based Markov model, the time processing unit was 1 year. Before the start of the cycle, each subject could only be in any of the 12 states but could not be in two states at the same time, that is, states were mutually exclusive and collectively exhaustive. After 1 year of the cycle, subjects could be transferred from one state to another or remain in their original state. A reversible multistate Markov model was designed to study all of the possible transitions from one state to another in MS. As shown in Fig. [1](#Fig1){ref-type="fig"}, subjects can be in the no component state, and 1 year later, they can transit into the other eleven states, or remain in the no component state. Subjects can also be in the isolated overweight/obesity state or the MS state, in which they can remain or transit into another state after 1 year.Fig. 1A 12-state Markov model used to describe the progression of metabolic components. Subjects may be in the no component state, and 1 year later, they can transit into the other eleven states, or remain in the no component state

### Calculation of the transition probabilities and predictive rates of MS {#Sec8}

The transition probability was used to describe the possibility of transitioning between states since the state transition was random in the Markov model. In this study, the annualized probability of transitioning was calculated in each age and gender group to indicate the transition probability from one state to another or to maintain the initial state in every Markov cycle. Five Markov cycles were contained in our 6-year health check-up data. To maximize the reliability of the results, the mean value of the five annualized probabilities of transitioning was used as the transition probability in the Markov model. The results were then incorporated into the 12-state Markov model to predict the effect of different initial states on the development of MS after 10 years in each gender and age group. To simplify the research, a series of assumptions were necessary for the Markov model: (1) For a Markov process, the future state depended only on the subject's current state without any association with the prior state (Markov chain assumption). (2) Each baseline transition probability in each Markov cycle was considered to be constant during the follow-up period.

### Additional statistical methods {#Sec9}

The baseline characteristics were described statistically. The mean ± standard deviations and proportions were used to express the normally distributed continuous data and categorical data, respectively. The Chi square test was used to compare differences for the categorical data. A two-sided *p* value of less than 0.05 was considered as statistically significant in the analysis.

All of the above statistical analyses and calculations of the transition probabilities were performed using SPSS software (version 24.0, SPSS, Chicago, IL, USA). The risk prediction of MS in the Markov model was performed using TreeAge Pro 2011 (Tree Age Software, Inc., Williamstown, MA). The Figures of the predictive rates were generated using R software (version x64 3.3.3, R Foundation for Statistical Computing, Vienna, Austria).

Results {#Sec10}
=======

Participant characteristics at baseline and follow-up visits {#Sec11}
------------------------------------------------------------

The baseline characteristics of the subjects stratified by gender and age are shown in Table [1](#Tab1){ref-type="table"}. Among the 21,777 subjects included in this study, there were 14,250 men (65.44%) and 7527 women (34.56%) aged 18--88 years old. After subgrouping by age, the 18--39 years age group included 4730 men and 3271 women, the 40--49 years age group included 5088 men and 2705 women, the 50--59 years age group included 2678 men and 892 women, and the ≥ 60 years age group included 1754 men and 659 women. The prevalence of hypertension, hyperglycemia and MS increased with age in both men and women. The prevalence of overweight/obesity or dyslipidemia had the same trend in women but not in men.Table 1Basic characteristics of the study sample stratified by gender and ageBasic survey18--39 (years)40--49 (years)50--59 (years)≥ 60 (years)*x* ^2^*p*\*Men N4730508826781754 Age (years)32.11 ± 4.9944.45 ± 2.9254.23 ± 2.9568.39 ± 6.42 Overweight or obesity2220 (46.93%)2781 (54.66%)1513 (56.50%)933 (53.19%)85.382\< 0.0001 Hypertension981 (20.74%)1821 (35.79%)1241 (46.24%)1069 (60.95%)1096.064\< 0.0001 Dyslipidemia1790 (37.84%)2554 (50.20%)1300 (48.54%)772 (44.01%)167.648\< 0.0001 Hyperglycemia193 (4.08%)627 (12.32%)582 (21.73%)501 (28.56%)869.355\< 0.0001 MS489 (10.34%)1080 (21.23%)731 (27.30%)568 (32.38%)535.283\< 0.0001Women N32712705892659 Age (years)31.45 ± 5.1444.32 ± 2.8853.46 ± 2.8566.92 ± 5.22 Overweight or obesity418 (12.78%)484 (17.89%)295 (33.07%)320 (48.56%)640.497\< 0.0001 Hypertension193 (5.90%)338 (12.50%)241 (27.02%)383 (58.12%)1263.240\< 0.0001 Dyslipidemia509 (15.56%)567 (20.96%)357 (40.02%)319 (48.41%)490.266\< 0.0001 Hyperglycemia72 (2.20%)92 (3.40%)81 (9.08%)149 (22.61%)506.689\< 0.0001 MS63 (1.93%)82 (3.03%)96 (10.76%)180 (27.31%)750.878\< 0.0001The mean ± standard deviations and percentages were used to express the normally distributed continuous variables and the categorical variables, respectively. Chi square test was used to compare the differences for categorical variables, the test statistics are *x*^*2*^ values\* *p* for each row testing the null hypothesis that values for four age groups were equal. Two-sided p \< 0.05 was considered statistically significant

The general information of the study cohort is shown in Table [2](#Tab2){ref-type="table"}. The total follow-up period was 65,847 person-years, and the median was 2.77 years. The prevalence of MS on the baseline is 15.10%, with 19.93, 23.45, 26.90, 29.82, 32.75% in the follow-up years. The prevalence of MS increased over time. At the same time, the prevalence of hypertension, dyslipidemia and hyperglycemia also increased annually.Table 2General information of the six-year follow-up cohortVariablesBaseline1-year follow-up2-year follow-up3-year follow-up4-year follow-up5-year follow-up*p*\*(N = 21,777)(N = 19,330)(N = 11,226)(N = 8652)(N = 7918)(N = 4776)Age (years)43.98 ± 12.3644.72 ± 12.3645.57 ± 11.6247.28 ± 11.8648.47 ± 11.3549.96 ± 11.31\< 0.0001Sex (male)14,250 (65.44%)12,504 (64.69%)7522 (67.00%)5432 (62.76%)4918 (62.11%)3086 (64.61%)\< 0.0001Overweight or obesity8964 (41.16%)8312 (43.00%)5031 (44.82%)3732 (43.13%)3542 (44.73%)2174 (45.52%)\< 0.0001Hypertension6267 (28.78%)7125 (36.86%)4781 (42.59%)4025 (46.52%)3864 (48.86%)2478 (51.88%)\< 0.0001Dyslipidemia8168 (37.51%)8208 (42.46%)4880 (43.47%)3906 (45.15%)4301 (54.32%)2927 (61.29%)\< 0.0001Hyperglycemia2297 (10.55%)2530 (13.09%)1780 (15.86%)1516 (17.52%)1555 (19.64%)1019 (21.34%)\< 0.0001MS3289 (15.10%)3852 (19.93%)2632 (23.45%)2328 (26.90%)2361 (29.82%)1564 (32.75%)\< 0.0001The mean ± standard deviations and percentages were used to express the normally distributed continuous variables and the categorical variables, respectively\* *p* for each row testing the null hypothesis that values for 6 years were equal

Transition probabilities stratified by gender and age {#Sec12}
-----------------------------------------------------

The transition probabilities are presented in Tables [3](#Tab3){ref-type="table"}, [4](#Tab4){ref-type="table"}, [5](#Tab5){ref-type="table"}, [6](#Tab6){ref-type="table"}. The transition probabilities from the no component state or any state with isolated components to the MS state were higher in men than in women, and the probability of maintaining the MS state was higher in men in both age groups. However, as age increased, the gap gradually narrowed. Among the eleven other states that the no component state can transition to, the state of isolated dyslipidemia and isolated overweight/obesity had the highest probability of being transition destinations in the group of males and females aged between 18 and 49. However, in subjects over 50 years old, the highest transition probabilities occurred in the isolated dyslipidemia state and isolated hypertension state, and the above probabilities of transitioning in the two age groups were higher in men than in women.Table 3Transition probabilities (%) in Markov models for men in the 18--49 year groupStarting stateState after transitionNo componentIsolated overweight or obesityIsolated hypertensionIsolated dyslipidemiaIsolated hyperglycemiaOverweight or obesity and hypertensionOverweight or obesity and dyslipidemiaOverweight or obesity and hyperglycemiaHypertension and dyslipidemiaHypertension and hyperglycemiaDyslipidemia and hyperglycemiaMSNo component66.4410.154.1910.780.671.473.280.131.130.120.361.28Isolated overweight or obesity7.1447.191.122.700.168.7822.661.230.320.030.038.63Isolated hypertension0063.81009.610016.292.0808.21Isolated dyslipidemia23.043.142.8548.0201.189.4704.9601.715.61Isolated hyperglycemia000045.6600.6.2407.9928.3411.76Overweight or obesity and hypertension007.240066.12002.430.30023.91Overweight or obesity and dyslipidemia3.1415.0804.8602.4458.530.640.4100.0614.83Overweight or obesity and hyperglycemia00007.740060.1101.982.9727.20Hypertension and dyslipidemia0026.15005.680053.360.99013.82Hypertension and hyperglycemia00000000079.20020.80Dyslipidemia and hyperglycemia000024.62000.4204.8756.0214.07MS001.9100.2311.3604.043.403.190.6475.25 Table 4Transition probabilities (%) in Markov models for women in the 18--49 year groupStarting stateState after transitionNo componentIsolated overweight or obesityIsolated hypertensionIsolated dyslipidemiaIsolated hyperglycemiaOverweight or obesity and hypertensionOverweight or obesity and dyslipidemiaOverweight or obesity and hyperglycemiaHypertension and dyslipidemiaHypertension and hyperglycemiaDyslipidemia and hyperglycemiaMSNo component78.217.152.448.450.600.461.300.010.490.060.200.63Isolated overweight or obesity18.5152.010.954.320.634.9815.190.21000.123.07Isolated hypertension0074.82004.980015.391.4503.37Isolated dyslipidemia39.901.372.0446.3600.554.6202.8700.561.72Isolated hyperglycemia000067.46000.54013.0914.694.22Overweight or obesity and hypertension0017.750058.62004.672.64016.32Overweight or obesity and dyslipidemia9.3321.16012.990.344.1242.3400.6201.517.57Overweight or obesity and hyperglycemia000017.370058.8800.971.3621.42Hypertension and dyslipidemia0023.20002.980062.530.43010.87Hypertension and hyperglycemia00000000079.44020.56Dyslipidemia and hyperglycemia000025.91005.2603.9048.5316.40MS0013.5203.9011.3402.363.363.641.2360.64 Table 5Transition probabilities (%) in Markov models for men in the ≥ 50 year groupStarting stateState after transitionNo componentIsolated overweight or obesityIsolated hypertensionIsolated dyslipidemiaIsolated hyperglycemiaOverweight or obesity and hypertensionOverweight or obesity and dyslipidemiaOverweight or obesity and hyperglycemiaHypertension and dyslipidemiaHypertension and hyperglycemiaDyslipidemia and hyperglycemiaMSNo component60.425.0912.1111.442.261.292.000.621.680.740.811.54Isolated overweight or obesity8.9740.961.651.62014.6618.763.470.21009.70Isolated hypertension0062.64007.290016.486.0307.56Isolated dyslipidemia23.892.323.1741.9300.905.23011.2702.668.63Isolated hyperglycemia000047.32004.79020.6312.8614.41Overweight or obesity and hypertension009.280060.14001.861.24027.49Overweight or obesity and dyslipidemia3.1013.7703.780.253.7452.871.471.8700.4918.65Overweight or obesity and hyperglycemia00007.030056.4002.342.7331.49Hypertension and dyslipidemia0021.42002.760057.002.60016.22Hypertension and hyperglycemia00000000073.47026.53Dyslipidemia and hyperglycemia000020.75001.1601.3952.4424.26MS000.8300.1010.7403.072.401.820.6080.43 Table 6Transition probabilities (%) in Markov models for women in the ≥ 50 year groupStarting stateState after transitionNo componentIsolated overweight or obesityIsolated hypertensionIsolated dyslipidemiaIsolated hyperglycemiaOverweight or obesity and hypertensionOverweight or obesity and dyslipidemiaOverweight or obesity and hyperglycemiaHypertension and dyslipidemiaHypertension and hyperglycemiaDyslipidemia and hyperglycemiaMSNo component64.864.018.1711.302.040.512.190.652.690.401.671.50Isolated overweight or obesity12.0840.300.785.382.4611.5015.704.24000.626.93Isolated hypertension0056.31008.600023.915.0206.17Isolated dyslipidemia23.891.961.9252.692.221.333.1105.3201.965.61Isolated hyperglycemia000055.98000013.0519.0911.87Overweight or obesity and hypertension006.470067.58004.830.54020.58Overweight or obesity and dyslipidemia6.2213.9906.4205.0948.7302.290017.27Overweight or obesity and hyperglycemia000010.610050.3504.747.1227.18Hypertension and dyslipidemia0020.05000.320061.153.42015.07Hypertension and hyperglycemia00000000075.01024.99Dyslipidemia and hyperglycemia00009.6200002.0963.0225.28MS006.0402.149.6300.584.800.950.3575.52

In the 18--49 years age group, subjects who were initially in the isolated dyslipidemia state had a higher transition probability to develop a combination of this state with overweight/obesity state, whereas for those over 50 years old, the transition probability was higher in the combination of this state with the hypertension state. Subjects (with the exception of males above 50 years of age who initially had an isolated state of hyperglycemia) who initially had an isolated state of overweight/obesity, hypertension or hyperglycemia had a higher transition probability to develop the next component, dyslipidemia. A higher transition probability from an isolated hyperglycemia state to the state of hypertension and hyperglycemia was observed in men over 50 years old.

Risk prediction of the development of MS initiated from the states without components, any isolated component, or any 2-component combination {#Sec13}
---------------------------------------------------------------------------------------------------------------------------------------------

The risk prediction of the development of MS after 10 years is shown in Figs. [2](#Fig2){ref-type="fig"}, [3](#Fig3){ref-type="fig"}, [4](#Fig4){ref-type="fig"}, [5](#Fig5){ref-type="fig"}, [6](#Fig6){ref-type="fig"}, [7](#Fig7){ref-type="fig"}, [8](#Fig8){ref-type="fig"}, [9](#Fig9){ref-type="fig"}. The abscissa represents the time after the initiation of different states; the ordinate represents the predictive rate of MS. Icons are used to represent different starting states, and each icon on the curve represents the predictive rate of each year. The predictive rates in the first year are the transition probabilities calculated in the previous step. The predictive rate in the future is calculated by the Markov model based on the transition probabilities. Figures [2](#Fig2){ref-type="fig"}, [4](#Fig4){ref-type="fig"}, [6](#Fig6){ref-type="fig"}, and [8](#Fig8){ref-type="fig"} are the predictive rates of starting in the no component state or any state with isolated components. Figures [3](#Fig3){ref-type="fig"}, [5](#Fig5){ref-type="fig"}, [7](#Fig7){ref-type="fig"}, and [9](#Fig9){ref-type="fig"} are the predictive rates of starting in the no component state or any 2-component state divided by gender and age.Fig. 2Risk prediction of MS according to various starting components in men aged 18--49 Fig. 3Risk prediction of MS according to various starting components in men aged 18--49 Fig. 4Risk prediction of MS according to various starting components in women aged 18--49 Fig. 5Risk prediction of MS according to various starting components in women aged 18--49 Fig. 6Risk prediction of MS according to various starting components in men in after age 50 Fig. 7Risk prediction of MS according to various starting components in men in after age 50 Fig. 8Risk prediction of MS according to various starting components in women after age 50 Fig. 9Risk prediction of MS according to various starting components in women after age 50

In two age groups, males had a higher transition probability from the no component state to the MS state compared to females, but the gap was significantly smaller after the age of 50 years old. There was a greater possibility for subjects who began in the isolated hyperglycemia state to develop MS within 10 years than those who started in other isolated component states. Similarly, subjects beginning in a 2-component state that included hyperglycemia were more likely to develop MS after 10 years than those starting in a 2-component state that did not include hyperglycemia.

Validation of the Markov model {#Sec14}
------------------------------

The estimated prevalence of MS after 5 years in men and women aged 18--49 years who were initially in the no component state was 18.22 and 5.33%, respectively. The prevalence from empiric data was 21.90% in men and 6.15% in women. In addition, we compared other estimated prevalences with empiric data, and the results were similar, indicating that the Markov model used in this study was effective in predicting disease.

Discussion {#Sec15}
==========

In this study, a Markov model was applied to investigate the development of MS in a large-scale Chinese population. The advantage of this model is that a disease can be divided into several states and that these states can be transferred from one to another so that the development of a disease can be simulated \[[@CR20], [@CR21]\]. The Markov model has been used to study the history of chronic diseases in previous studies. For example, by constructing a Markov model, Kabat et al. followed subjects with different obesity phenotypes over time to examine the changes in their metabolic profiles \[[@CR22]\]. Chao et al. simulated the natural history of diabetes and assessed the long-term effects of a health management program on diabetic patients \[[@CR23]\]. In our research, a 12-state Markov model was constructed in each gender and age group to describe and predict the natural occurrence and development process of MS.

The development of MS is likely a process in which each component appears in succession. We believe that the first component that occurred with the highest incidence is most likely to initiate MS, and it is a beneficial insight to identify the initiating component of MS. To date, controversy still exists regarding this question \[[@CR18], [@CR24], [@CR25]\]. It may be a result of the different gender and age groups adopted in studies. The results of this study showed that MS may be initiated in dyslipidemia or overweight/obesity in the respective groups of men and women aged 18--49. However, in addition to dyslipidemia, another possible initiating component of MS was the change from overweight/obesity to hypertension in both men and women over 50 years old. According to these results, we concluded that dyslipidemia was one of the first components to appear among the population. At present, improvements in living standards and changes in dietary habits coupled with an excessive energy intake and less exercise greatly increase the incidence of dyslipidemia. In addition, dyslipidemia can mediate free fatty acids (FFA) to damage the islet function, which may lead to hypertension and hyperglycemia \[[@CR26], [@CR27]\]. Overweight/obesity may be another initiating component of MS among people under the age of 50 in addition to dyslipidemia. Evidence that obesity is an important risk factor for hypertension, dyslipidemia and hyperglycemia has been reported \[[@CR28]\]. Some studies also indicated that obesity, especially abdominal obesity, was the most prevalent cause of MS \[[@CR29]\]. There are several reasons that explain how the process of MS most likely begins with hypertension instead of overweight/obesity for those over the age of 50 years old. With increasing age, especially after menopause, recession of the endocrine regulation system means that the hormone levels have changed \[[@CR30]\]. Research has shown that the development of hypertension is closely related to the endogenous sex hormones in postmenopausal women \[[@CR31]\]. Moreover, aging exerts a marked effect on large arteries, and the degree of arterial stiffness is closely related to the occurrence of hypertension \[[@CR32]\]. Studies that attempt to identify the initiating components of MS are very limited and have not yet reached a unanimous conclusion; therefore, the issue warrants continued investigation.

The process of the development from an isolated component state to a 2-component state was explored in this study. This study will provide important insight into identifying the pathway to MS. The results showed that people who initially had dyslipidemia were more likely to develop this state combined with the state of overweight/obesity before the age of 50. A recent study has suggested the positive association between obesity and the high prevalence of dyslipidemia \[[@CR33]\]. We found that dyslipidemia appeared first, followed by overweight/obesity, which may occur because there are coexisting risk factors causing the simultaneous occurrence of the two components, but only dyslipidemia occurs first. It may also be that dyslipidemia can lead to overweight/obesity. The causality between the two components remains to further study. After 50 years of age, people who initially had dyslipidemia were more likely to have this condition merged with hypertension. A prospective study has shown that dyslipidemia may lead to the occurrence of hypertension in men \[[@CR34]\]. Although the specific biological mechanisms of the above two associations have not yet been established, we propose that controlling blood lipid levels would be helpful in preventing overweight/obesity and hypertension to a certain extent. Our research also has shown that subjects (with the exception of males above 50 years of age who initially had an isolated state of hyperglycemia) who initially had an isolated state of overweight/obesity, hypertension, or hyperglycemia were most likely to develop a combination of one of these isolated states with dyslipidemia. Many studies have shown that weight gain, elevated blood pressure and blood glucose were important risk factors for dyslipidemia \[[@CR35], [@CR36]\]. The above results showed that dyslipidemia may play a significant role in the initiation and development of MS. However, after developing hyperglycemia, men above 50 years of age were more prone to exhibit the next component, hypertension. Other related work has shown that more than two-thirds of people with type 2 diabetes suffer from hypertension, and the development of hypertension coincides with hyperglycemia \[[@CR37]\]. Therefore, it is essential to prevent MS in different gender and age groups according to their pathogenetic characteristics.

In this study, risk prediction of MS was calculated for individuals who initiated in any isolated component state or in a 2-component state in each gender and age group; we believe that the component that results in the highest incidence of MS may have a pivotal role in the progression of MS. In the predictions, subjects who were initially in the isolated hyperglycemia state had the highest transition probability of MS compared to the other isolated component states. At the same time, subjects who began in the 2-component state that included hyperglycemia had a greater probability to develop MS than those without hyperglycemia. These results may demonstrate that the elevated blood glucose levels is an important factor in promoting the development of MS. Although the pathogenesis of MS is not yet clear, the components of MS always presented together, indicating that this phenomenon of coexistence may be dominated by a common mechanism. Until now, most researchers have believed that insulin resistance (IR) is the central cause of MS etiology \[[@CR38]\]. IR and islet β-cell dysfunction are the main pathophysiological mechanisms of hyperglycemia. Clinically, hyperglycemia often occurs with obesity, dyslipidemia and hypertension simultaneously or successively. Hyperglycemia may mediate the synthesis and decomposition of FFA through insulin resistance, leading to dyslipidemia; therefore, the underlying cellular and molecular mechanisms require further study \[[@CR39]\]. In addition, elevated blood glucose levels may increase blood pressure by interfering with the reabsorption of renal tubules and excitability of the sympathetic nervous system \[[@CR40], [@CR41]\]. However, whether hyperglycemia can directly lead to obesity remains to be studied. In the process of prevention and control of MS, we need to pay special attention to changes in blood glucose levels. On the one hand, we should actively perform the three levels of diabetes prevention, including maintaining a healthy lifestyle and strengthening physical exercise. On the other hand, when blood glucose levels are elevated, we should take active measures to reduce blood glucose and prevent the emergence of other MS components.

In addition to the above findings, other information from the prediction probabilities was equally important. People in the no component state were also more likely to develop MS after 10 years, especially women older than 50 years of age, for whom the risk of MS tripled compared to that of young women. Chedraui et al. found that the serum marker levels of inflammation and endothelial dysfunction were mainly related to the high incidence of MS in postmenopausal women \[[@CR42]\]. When MS started from any state with isolated components, the probabilities of developing MS after 10 years were higher than those of the no component state. The prediction probabilities may reflect the effect of each component on the development of MS. Although the predictive rate of MS initiated from the state of isolated dyslipidemia after 10 years was only one percent higher than that initiated from the state without components, dyslipidemia was a possible initiation component of MS and tended to occur simultaneously with the other components. Other work has indicated that intensified efforts at screening and treatment for dyslipidemia are warranted \[[@CR43], [@CR44]\]. Moreover, during the first 5 years after beginning in any 2-component state, the predictive probability of MS increased rapidly, and some probabilities seem to have peaked. Because each component of MS occurs successively or simultaneously in a short period of time, not only will the risk of cardiovascular disease and all-cause mortality increase but also the social and economic burden will increase \[[@CR45], [@CR46]\].

Our research tracked the progress of MS and compared the effect of different initial states on the future development of MS. According to the above characteristics, the progress of MS can be divided into four stages, namely, the health, initiation, transition and MS stages. Current guidelines and studies suggest that individuals with metabolic disorders at the premorbid state should first change their lifestyle \[[@CR47]--[@CR49]\]. This study confirms the difference in the components initiating MS between two age groups and suggests that targeted measures should be undertaken to control the corresponding components. After the occurrence of metabolic abnormalities, health promotion behaviors should also be continued and combined with drug treatment. Special attention should be paid to the control of blood glucose levels, which may affect the rapid progress of MS. Our study explored several important links in the development of MS, and we believe that this research will be of great significance for the prevention of MS in the Chinese population

Limitations {#Sec16}
===========

There are still some limitations in this study. First, the 12-state Markov model assumed that the baseline transition probability of each state remained constant during the follow-up period. However, MS will be affected by many factors in the development process, such as medication or changing lifestyles. In addition, this research has not yet taken into account these factors because of the lack of a sufficient sample size and requirement of specific information. Second, the subjects in this study were recruited from the Health Management Center of the Hospital, and they were mainly in-service or retired staff; underrepresented groups, such as farmers, indicate that the study may not fully represent the general population, so extrapolation of this research conclusion requires caution. Finally, due to the limited sample size, this study focused on the changes in the states prior to the diagnosis of MS; therefore, we did not consider the four 3-component states after MS occurs. In a subsequent study, all of the states of MS can be divided to ensure that all of the natural processes of MS are studied.

Conclusions {#Sec17}
===========

MS can be initiated in individuals aged 18--49 who have dyslipidemia or overweight/obesity conditions. However, for individuals over 50 years old, the most likely initiating component of MS was dyslipidemia or hypertension. People who initially had dyslipidemia were most likely to develop a combination of dyslipidemia with overweight/obesity before the age of 50, but after 50 years of age, people with dyslipidemia were most likely to have combined dyslipidemia and hypertension. Subjects (with the exception of males above 50 years of age who initially had an isolated state of hyperglycemia) who initially had an isolated state of overweight/obesity, hypertension, or hyperglycemia were most likely to develop a combination of one of these initial states with dyslipidemia. Males who initially had isolated hyperglycemia tended to develop hypertension after age 50. People who initially had isolated hyperglycemia or a 2-component state that contained hyperglycemia had a higher risk of developing MS than those who initially had other abnormal metabolic states.

MS

:   metabolic syndrome

CDS criteria

:   Chinese Diabetes Society criteria

CHD

:   coronary heart disease

BMI

:   body mass index

FPG

:   fasting plasma glucose

TG

:   triglyceride

HDL-C

:   high-density lipoprotein cholesterol

SBP/DBP

:   systolic/diastolic blood pressure

PG

:   2 h post-meal glucose

FFA

:   free fatty acids

IR

:   insulin resistance
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